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Future Al demand trajectory’
Average estimated % change in Al spending, next 3 years, weighted by firm size?

13
120 Leading sectors
Financial services ®

"r High tech and
0L telecommunications
9

8+ ® Transportation and logistics

T e Health care .

Travel and tourism ® Automotive

6r ® Professional services and assembly
51 Retail ® Energy and resources ®

40 Consumer packaged goods ® ® Media and entertainment

® Education

3tk

2

s ® Construction

Falling behind
0 i " " . L " " " L L " " "

0 2 4 6 8 10 12 14 16 18 20 22 24 26 28 30 32
Current Al adoption

% of firms adopting one or more Al technology at scale

or in a core part of their business, weighted by firm size?

1 Based on the midpoint of the range selected by the survey respondent.
2 Results are weighted by firm size. See Appendix B for an explanation of the weighting methodology.
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® Al adopters with proactive strategy’ ® Partial Al adopters or experimenters B Non-adopters

Self-reported current profit margin?
Difference from industry average (unweighted) (percentage points)

-10 -5 0 5 10 15 20

High tech and
telecommunications

Automotive and assembly
Financial services

Utilities and resources
Transportation and logistics
Consumer packaged goods
Retail

Education

Health care

Building materials and
construction

Professional services

Travel and tourism

Firms that are big data and cloud services users and report their strategic posture toward Al to be: *Disrupting our industry using Al technalogy is at the core
of our strategy,” “We have changed our longer-term corporate strategy to address the Al threat or oppertunity disruption,” or “We have developed a
coordinated plan to respond to the Al threat or opportunity but have not changed our longer-term corporate strategy.”

Operating profit margin for selected sectors as a share of turnover, for continuing operations and before exceptional items

n
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AR RSP RE S S Affirm AR e Rt > HEFERE S

ZM

Wy FEgdn g A Affirm - R RFERT FOREOB £ 0 B %
B3 OAHirm p 2o PHEARFRANY R FEORGOTE - V> LI F
T AT EERELFOLE N B S R R g R A
Affirm & 3 RFF AT S RF PR F AT S IR R B b f R

ZEF N
Py Affirm & 2019 # ¥ &2 K23 hdp 0 & * Buy with Affirm
il Y o R 8T% i ¥ T E G R W F 0 BRI R
Adp iy e g 46% S R S F AR Affirm RGBT T
¥oeb 41% B EE EGEPRIRR] € A S Y o F]pt o g Affirm cpRARE S
T kb ¢ FRAFRT AR ORI R A FE R SH o
2R F e Affirm H 4

(Z) Al &* & &

d 2t Affirm chg @Rar? feP iz Pa B F P AT 0 FlEE B Y
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FapEr A Y ER o Affirm % p L2 2 A 8L T L
*OAffirm 2 b s 2 B U AR ROT R e E A 2§ %
CHE T B A RN L B T4 @K FICO %A 0 5B Al

s o i 2 Affirm p £ e A o

Al 5 Affirm ~ Affirm chig % 2 £ o5 Fab ke~ dhi re 307048 &

S

LT * % gy 444 E\}dﬁ%") m/ﬂ%"jﬁ" s e A B4 SR E E 5L s 3TH

Y

NA TGRS R RS R R R B2 A AR o
AN S 6 TR RRG ARG s ¥ 320 7] Affirm arema 503 8 Sy i
FUSHLI I F RFLHEE X2 2 FRBFHHILTY0 % - 13

Affirm 3t 2017 #7# F awT 734 > Hv el p LEa AP SF e 8

=

w #. 1z * + (Private Label Credit Card, PLCC)!® eh i # 5 » Affirm % > m £ 12

* 4

AN

1 20% i § H Ak Affirm s3I (1 3-3) -

B Affirm Major PLCC

100%
20%
80% 91%
70%
60%
50%
40%
30%
20%
10%

0%

71%

21%

Prime Near Prime Subprime
(660-719 FICO) (620-659 FICO) (550-619 FICO)

B 3-3 Affirm & PLCC [ it i

7 kR ¢ https://bit.ly/2FbmuZW

10 x . Store-branded Credit Card
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=~ iﬁﬁ!%’rﬂ‘;@. B (Regulatory, Compliance, & Fraud Detection)

Al 7 e SR RIEE S e R F ORAaR R L 0 B AR AR i S

209 3 Trifacta -

(—) 2% 3

Trifacta ¥ - REsc#cdp R S o 7> #2022 2012 # 10 7 >

BIVEANEE Lo AN 2 A B o N A B GRS RPTARETH T

P B2 o ey R P B g AT R o B e iRl S R T Ui i o

G HREA] R [ ERNE RS S PR D 2019 £ 40t ¥

33 12,000 et @ 250,000 F f#Ecypa TR * 3%fEAS % o Trifacta gt AR

BEAERT X482 £32 SH P 5y

# 3-2 Trifacta ¥ friz

P Ei
2012.04 D s
2012.10 Accel 2> #42 430 § % ~F &
2013.04 f& 41 Trifacta Wrangle = Alpha % A&
2013.12 B #mmf 1200 § % ~
2014.02 o 47 TrifactaWrangle = - 1.0 =4
2014.03 2 X i b & 8% Cloudera = 5 Bevg 35 i
2014.05 CHp &AL 22 Ignition /7 2500 & % ~
2015.10 Trifacta Wrangler # # 2.0 = %
2016.02 Cathay -~ infosys £ IDGE /+ % 3,500 & % £
2017.03 22 Google & 142 Google Cloud Dataprep
2018.01 D gy 4800 %~
2018.11 & AWS 3% ik Severless F L ad® JRix
2019.06 2 |IBM & iv4a:& DataOps %2 Al
2019.09 Empy 1 Rz~

7B & & : Crunchbase® ~ Trifacta White Paper?

11 https://bit.ly/2QnkPWe

12 https://bit.ly/2SghecA
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(=)& &-& R
1. Trifacta Wrangler

T E - IR ALY T HRIY > B E el o AT RiE B e R
F L olicdp o Bicdh o~ Wrangler 5 0 v f]}ug B e p be a4 3 e Ml 0 80
NiFe o E® RisENER 2

2.  Trifacta Wrangler Pro

AR TR cldy 0 G R R - REFA I kRS FRER o
_lj‘Eo @F}'Q/F‘H’:‘ﬁ#&r&ﬁfr ? l[ﬂ;ﬁ'{:ﬁi/}}?{’T Eﬁvlbﬁ@—ﬁ g:}’%— if@‘m)ﬁiyﬁi
;9 o i 85 TrifactaWranglerPro> & ¥ cnB v i grie { § ondidp X Tp it

oAy > T L'L;L’F Z T L BT EE N IFBme'}‘
3. Trifacta Wrangler Enterprise

AA s e RE - £ 9 (SingleTruth) sdicdpiz2 > 4 & fded 7] oo
TP FLFW o LA Iy AR AR R F AT 0
FABHEFFE CRET P i - A B ETL 1 & fr R fl Sadien§ L5
%0 EiEET) X g S g R o Trifacta Wrangler Enterprise ¥ £2 %4 #ic¥k
%ga%a#ﬁ@ﬁeﬁ’ﬁﬁﬁﬁﬁ@%ﬁi@é%ﬁﬁﬁﬁﬁﬁﬁ’iﬁy
T AFHFHOT 2 BB F R F R gL

(2) PHREZF
1 EF&5Ur

Trifacta & /2" 3% 2 B A 47 0n AR Y 2 F R MR & — TR GO EICERE o
FALA 4Tt eyt 87 5 g F A s R B R Y PR At d
e B &GS By ¢ IR i R T A A2 FlEten e $Hyt > Trifacta
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ORI RS AL 47 IRFR Ae i B R B B AT B ATk o B a B R

RN

hH s
2. Zp ki

5 AWS RFEABEF Y folicdyp » 7 e0ps 4 7 o Trifacta #& s £ ¥ 58
TREH RS ko AT < § AWS Rz AWS FL R JRIRE 7 & =
z Amazon S3 ~ Amazon EMR ~ Amazon Redshift - Amazon SageMaker 4= Amazon

IAM -
() Al B* & &
1 iEERRIA H

BE S ORATFEY R O EHRBATH 2P OFER G I M
£ & o TrifactaWrangler ¥ r 3% i-ficdgp Spd e %4 > §let ¢ %

g 2% i TrifactaWrangler g o @ “h3Rendiiv & 2 iR 4
PO TRy (Ao f et BRI EE N e ), Hi g oocfiir B ¥
7 5 etk ik o TrifactaWrangler £ 57 #4020 @ % cn1 & > VA R LS

ES T SR R R AT TR ek S
2. B~ @ i’ﬁff\?:'; i'ﬁm&%ﬁ-ﬁt%

MEFAEARAES EDBECRIEY > F I AEFFTRANP FR/OT 2R
CEAREHEERTAIPELAR GOF L o P FEEDEREE 2L S
PRk S R R BT e ch E g R EE G B Ehp) B POT AR L o
HEE R BT 2T OB E SRS B AT R R 2 e d

DR R TR AR E RS 2T AR HrIR T & AR By

B & 2 o] st @ATHE
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VUFE el BT Efrri iR o
= ~ &% pen/3gRl 4 ¥ (General Purpose / Predictive Analytics)

Al T 02w KH T B AR A 450 AT Y & 4 eh 2 P de ElectrifAi (R

Z. Opera Solutions)* -
(—) 2% 3

ElectrifAi & - 73+ * X Hedp A $7f34 2> o o @ > 3t 2004 & d
Arnab Gupta = = - ElectrifAi 3% &7 B 4 47 T pRI% o U 4T 5 Signal Hub

TR £ SR LR £ R A hif st il R

avs
-
E
bl
(7
o
<y
o
X
I
—
N

T L e AP R ET AR ERRL R E T L ble D IER B A
FEOEL BRFRN RADRT FEH2 X A Y ST E

B 54 R BEF AR i ke 233 230 R 0y B

# 3-3 ElectrifAi 5 ¥ fri%

e Y FE A%
2004.10 Opera Solutions = =
2011.09 J& 18 Silver Lake Sumeru £]4i g 7 8,400 ¥ % ~
2012.05 A &F S E SAP T Lid 3 W pE IR R A 47 B
2012.10 Opera Solutions =~ Signal Hub™ + 12 % & Oracle 12 %
Oracle Exalytics
2013.05 Er R vb e JRF:2 @ Wipro Ltd. 12 3,000 & % ~ hip ffcpd

H R L

2014.10 Wipro Ltd. £ # 3 820 § % ~ » ¥ 5 OperaG #fe § -

20
2019 Opera Solutions § % % ElectrifAi

7B & & @ Crunchbase® -~ Wikipedia®®

14 https://bit.ly/2MPw1KI ~ https:/bit.ly/2MJcTOf #¢ https://bit.ly/2ZH7i0b

15 https://bit.ly/2trngiE
16 https://bit.ly/2ZKKlbz
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https://bit.ly/2trngiE
https://bit.ly/2ZKkIbz

(=) B &EIRI*

ElectrifAi 1 SignalHub ¥ - Bv v v it £ egr 7 & £ 2734
HUEFE A SR {ATEp TR S S EANEL A e S B A TR E
B T AT AATRIRB R T L M B LA E AR AL -
GRBAIERI X3 B4 FEARF ST o 2P TR R F LG R R

EE A e S G ERE
(=) PHREZH 3

ElectrifAi enfi# /4= &7 /444 & 58 L AR o0 4807 AL 3% 0181 AR R 4 47
dREG A v PR R ERE S FREEE T E R E S REL

ERESFEET R ENE FUB M TR o
(m) Al &* & &

Signal Hub #_6 v % 4] £ £ e Fl=g < Bcfp 4 17T 5 0 v 7 S B #cdh
(¢ 47 Pag e onliedy) P B { B sfok Lo * 32T SH o451 B

TR RAFFE IR B Y R B Lo iEd R SV E AR R A

-mr

EF W e B ETF R .

W~ i B4R/ B L & f (Assistants / Personal Finance)

Al F 0L SR LIRS DAL A e B X AR E AR AR Y R A0 P e
Digit -

(—) #=% 3

Digit »>+ 2013 #d Ethan Bloch = = » H 3% & 7L+t 5 2 (Short Messenge
Service, SMS) g # i REF PR F 4 2P E pd R o Z 7
Al TS EE Y foi7 Lo L 5 % SR BB (T I A B AR
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£ ooikm ek 2 FRIEPP R o £ 3-4 I Digit o PG F FAT o

13-4 Digit 5% frie

e Y FE A%
2013 SR
2014.12 AL 2 @ Aaron Harris ;23 250 § £ ~

2015.01 Digit B 4> % 2 % 42(7 Simple
2015.12 HRARIE L > B EA K
2016.03 Digit B 4~ # iPhone

2016.09 Digit B 4~ # Android

2017.01 Digit B 4~ 4 Facebook Messenger
2017.02 F& 41 Goalmojis

2017.03 P FRTEFEYE S BES
2017.04 B o e B ¥

2018.04 REHEPTFEF T MG

2019.08 | H4rif 2 WPERF A
2019.10 i HEA E“%‘j\‘ﬂ g6
F#% %k : Crunchbase!” - Digit'®

(=) B &8 PRI%

#* Digit e o % 2 TR FigAe ht BB S 5 5 Digit T ouB-E
Lo r ot P i@ 27 E S ¥ 3 1 Digit G#is T £ 1 o Digit =
P = e g T 7 et ik Y g L3y s 1) Digit REEME S P o2gATR A 4T

Wt f R LRSI ARA ERNE PR E A T PR BRS¢

I

se

o2 2 & AR Digit tR 2 pF > ¥ 4w Digit #iE - 4R ARF £ 0 SMS |

17 http://bit.ly/20iELcG
18 hitps://blog.digit.co/
B §4+ 5735 505242
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- Digit ¢ & - B3 g #E C en Digit 5FIE S ¢ g 5] 2 B S o
Digit 37 & "Itk > T P 25 A Xhk = i o SMS fx#* 128 24117 W e

Tl F 2R FREE C PREF TR -
(Z) PHE =W 35

Digit 2 PRAF a3t §Te4 2 = FImik » > H RGP ¥ 20 L 7 L £enk > F LB
AP RS LA X RE R G HehgAE e 8 * Digit hig > T g diE S

SRR fod S o AT R L A EDEHL -
(m9) Al B & &

Digit »>* 2015 & ® 4 SMS Frx $®B & » v et F 34 (@ p & i i Ae
FE T L vREILLES > AT 2o RREL MY R REERS R
PRI R & R 3R B F 15D Digit G508 = o k5§ Mg HE ey
SAr{ FTEMR S ARIEF EWHE S G 4 o % 54 T R L% Digits %7 4

_Digit BEEHE @ 3L LHES P o

Z~Em*2E/FA ¥R (Quantitative Trading / Assest Management)

Al 7rrr st B v b by pAEsd @ (4 eh2 7 4o Sentient Technologies
(—) #=2%R

Sentient Technologies # - R¥z%k = ** 2 F 4 L9 it 1 A7 E T ok 2
F‘:B’gg’ i#&i‘y‘ﬂ} A Vi % iﬁ(]& \\/L%";l} P4 -ﬁigﬁ»;)‘% ﬂ’lﬁf’“ , ]% ﬁ ;T:‘”"ﬂ? ;E‘r’}f
HOoFT AR ET PRI ER BRBPRIIFHANLEFLE D SR TI

% Genetic Finance Holding Ltd. » 12 4% 5% | (Stealth Mode)* & {718 i » ¥

D 2P F % A ki & Digit HE = ¢ H L
2L http://bit.ly/36QYXCB
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2RI AP E AR AT o W 0 3 2007 & 0 B AppleSiri 3F 3§ R
s sen @ Ff¢ Antoine Blondeau ~ Babak Hodjat ™ %2 Adam Cheye % F = =

Sentient Technologies - # 3-5 & 3% = & L F 4R ©

# 3-5 Sentient Technologies 5% 4%

e Y FE A%
2007 2 @ @ £ Genetic Finance Holding Ltd = =
2009.02 TRBILTET 230 gE > AR R A"k % Chris
Cooper ~ Eric Di Benedetto 2 2 Bob Pasker22
201006 | A #if 7 0 £ 800 ¥ % =~
2014.02 B #ik 7 - 3,150 ¥ % ~

2014.11 o7 { &% Sentient Technologies
C#Hp7 5@ 1 1% 360 %~
2015 ol Sde g2 B 4 - 5 SentientAware 0 i & i i 4
AFEIN o FRT AR -FEF T EREPNE
b B A
2015.11 ¢ Shoe.com & iF - 4& ) Visual Filter > 3% 2 &5 &t 3

& Sentient Aware T 5 F i A I AP a PP AR S

2017.06 D %ﬁﬁ;‘ & 2900 § £ ~
7B & & : Crunchbase® - Wikipedia®*

(=) A &&IRTF

Sentient Technologies £ jfr % 1 Ffai B FE A 1y EF Rz 1 2
S AEFERE %EF?LQ s & 7w BRI ﬁi?l}"céﬁ:}ﬁs % (Intensive Care Unit,
ICU) & Rea pen™ ivdt B v itz -2 p o $pce g &R}
FEZ v iE 90% o 35T Soendpris KAl $[§¢#}\F»E » 2015 & » 2 &
= & Sentient Investment Management » ¥ %33 ¢ 7 3K F §F BE 43353 % p &

R FEFEARI o B SRR F Y e R Y - B Al SR

22 hitp://bit.ly/2RL1mMRg

2 https://bit.ly/2FgAdlv
2 https://bit.ly/2sEucsM
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ASHEfBHLT 2 A0 FTe b p4F 2 &7 Shoes.com & & i 4 o
HisA@g BRI HTEFEFES - £ 2016 # 9 % > dadi—- B % % Sentient
Ascend =it %8 7 PR 72 (Software as a Service, SaaS) z_ ##¢ ¥ (Conversion Rate)
Boidit T oo B sk p iz P g g Al B IR e

Sentient Technologies =R 7% 3 & /& F FE K~ E R TS A&
A&+ v 1E > 4w H_ Sentient Aware ~ Sentient Ascend - Sentient Investment
Management 12 % Sentient Labs- 2 # Sentient Investment Management % - % >
pE s ®2 s A4 0 Hig* Sentient Technologies 4 38 4 1 & T &
(Distributed Artificial Intelligence) 57 & % ch8 * L 2 L F Kvi > Z A SRS &
iv F7 & # = (Evolutionary Intelligence Technologies) ~ iF & £ ¥ & 2 foH i it 43 @
B fo il iF g 3 {0 O BRI F Y L By 0 B A 2N B AT

m;f,\ \PZ o
(=) PHRZE®F 5

Sentient Technologies 1P &% = 3 #H#2 T 7 A £ 27 PG 2= %0
F# (The Solution Group) - % Bl f 7 3 B Ar<hi% 3 Sentient Technologies 4
TR LFERANE S UL FERRPREA PR AR S}

Fortune 100 3 e d % ~ sefirforc W H =~ LEAIE P ~ 225 11 B A s

Q.E'_“%‘g ° i}i:f;f;’l? > T,F‘-Ké;z A ij:'] E‘ > ?-']/?P ~ iF4 ]R‘IL & %:'J_ ‘/_—‘{!—_ o

*

(m) Al &* & &

Sentient Technologies » & P47 * 42 o H P anglpFe 5 = BItL > - &
FiEFEZ AR EE AR BEATIRE 2R MED
SRIRIFEREY BRI L TR Ay 22 FAFY R Y M
i FRE LR L L RAE L = RS VAL Sentient Technologies #£7 &
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ot k& 4000 B8 5iE 200 § B CPU p 24 5000 B GPUs :h

W g ED LR R IR R - o

! \-
iﬂt‘;

1335 Sentient Technology =3r 2 > 3% 2 Al &ifF'g > o cfgi> % o
LEE GAR R R A R R SRR e SR 0 fRE
S EHBEAL c B G Al fRkS % ¢ S22 AN R
Wi in LR BRITELG o 1}34 % & > Sentient Technology = * &+ 2~ & Sentient
Investment Management » B2 % & Al ~ AFFE 2R 234 12 FET
poMEZXpHDTE AL B LIFTORE KE o

Sentient Technology =& & £ i 3R & F L B3 I - i 4 K
PR ¥ RJIT BoAF R 2 B 4T 7A40E 540 54 o Sentient Technology © £ &
Flemg it fog fric 4 B2 E SRR RAFROELS F o RS kd B

WA A AR ke e L
75 ~ %% (Insurance)
Al 7 12% S RsE AT 5 gl Y (L L o 2 4 Lemonade e
(—) =%

Lemonade & - #JF4 A& %*% =& > d Powermat == 443 Daniel Schreiber

N

fe Fiverr 08 & £]4> 4 Shai Wininger *+ 2015 £ 4 7 = % » % 3Ri=3t 0 4 o
B A RN P e A A B M B A 46 FRE AT Bk P
TH - BARF S € o Lemonade # * % fichp o 4 1 A ER-RG £ o EHS
B BB ERAA R - REG ST BFE S RE S 20% FHEF o FI4
80% kA HRBRfrMR E G 0 D& B S S T MAEAL §ABT o 1345 2019

F et A4 gz &9 o Lemonade W iFEH Al HkE A 120 § > FH o

2 http://bit.ly/2GHXJ8y
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FARTRE 7ot o 2 P BAST T 29,000 § ATEpRE dep & 2L ko

‘1\‘\

moP - B RIFE 500% R EE A TG 5 Efes EiReD 3 10%
k% 22019 & Lemonade % # — 38 % 5 Policy2.0 ei74 &3t 3] 0 v HiE -
BARABT SERTZIED PO RERGE R aE D MR

AT URERT fRATEE PN B ode B 0 3% 0 © i Y AR A& 35 -

# 3-6 Lemonade ¥ frA%
e Y Fi 4%
2015.04 Lemonade = =
2015.12 AR FTER 1,300 3%~
2016.05 Lemonade £3] B A & ¥:u%

201608 | A #fF 1300 ¥ %~
2016.12 B #hfF 3400 ¥ %~

2016.12 Lemonade %z ¥) 38 » & fete MY R
2017.06 LATE ¢ o2 8 B pATH 14,300 B % =

2017.12 Cwmpy 1 & 2000 3%

2019.04 D gy 3 Rz~

2019.06 Lemonade # 4t B = = » ¥ 4& ! Policy 2.0
7B & & : Crunchbase? - Wikipedia®’

(=) A &BIRI
Lemonade #t &-2h¥t28L (Peerto Peer, P2P) shifk*g fRix » 4 mHF3 A L

ER R R e - BRERT A0 m Lemonade €@ * T £ Y R

ok

kRl R A HREFFG 4L R R o Lemonade &F £ R P 2B F LR
oo d HE A S AL AT Aok RS AAE T RE G A L Hep
TR ORI L g AL e R PR o Lemonade % BpRFReDES LA BB

B APP ALE L GeILps 0 00 AJ3Ril % AL IE 03 A HBRRIL Y IR 4 B

2 http://bit.ly/3b6oJwa
27 http://bit.ly/38RWBvV4
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AL A S A4 R AB L S pE S KRR > Lemonade It RAE B Y B
HAFEAEFTGHEE FFEML B R GRE A TP 2 g BRI R

PR Ad A R TR B EA S EFE S AP RE P AR v 7 5

Kk R BTLRE - M BG 2P BEE S L AN EG L RS E 0
Lemonade & #-ik* & 20% 155 2 2 P enf e i o 3 BFlAR T pE £ FE 4V

BECEFNELPBH AT 2019 E ok e w2y Jle R AZE 60 § £

L o

(Z)BHE & 3

Lemonade ¥ - R4 A %'k 2> 7> 1 & § 444 5 A {ofe £ 3k B %% > 2018
EYENr 57 REAL RSP ET) 42 FA B¢ T5% 5k 27 5] 35
Fo90% hE S LN - KBRS EMARG - HERFRLFEIMSI BB oA
TP AR i ARDPENFTHEL RS EFRE BT 2L 2

7 Lemonade ih2> 7 > 4 8 H iRG R &
(m) Al &* & &

A2 EE RS E S T R{rm e b PR A "5 KPR L Lemonade
ST S ES A APP AP I P B E AT RGNS A I A H
v E R OfempEaa 1T AGIP FIEREF 9 90 f/iﬁnb EA Gmo
TEHTR e~ E 3R A 5o Lemonade I RARE Y Hok o BRI A R (7 EE

FEFA R G E IR G o RE 4G 4B Lemonade s APP % 2

\+

PP B EARI AR R ATE L B - FURMD RP M AR A SR iR
PIFraBBEARIZRREFFT A SEFTEERAPHFI oA F v 50
KT H FIEpE oL Al ¥ T S PFNFr T B A L BN B REE R A Y

H % - SUFR SRR L0k ¢ B A1 Lemonade it § % B B {
EfA 4 o FlaBANE Call %5 > 3/ 24/7 > X FHPRIE 3 X9

44



A A KE TP v 4] 5 F) L an "Pfﬁﬁ’i,i—,ﬂ%“’—‘ﬁmﬁ% s T B L EFEAL N B R

Y eI A

Lemonade & - RI4A F'G o0 & 0 I AR G O RO o B R

R RISV L OEE RBLIE - A BT B OG-
AR H© G 2P o Lemonade #iEM B NIEG PRI G ERTE 0 Flt 2P

+ ~ W FFEE AL (Market Research / Sentiment Analysis)

Al 7o fTes ¢ X873 BT EFEAIT 0 LAY R A0 P4

Dataminr -
(—) 2% 3

Dataminr & - fdicdp ~ 47 PRarde e 0 2 & §T 20 F 84 forcirr 2 G
LY BEE T 4 F S Twitter ¥ 2 iz ¥ s BRI R Jp R T E
Befrd FERIAL -G INHFTEFE 7V RMaEIREy > REHEFE
#ANIEE 3o 7 d Ted Bailey »t 2009 £ £ > B30t o X o Dataminr 44
DG Al e BE Y AR IIRAT AL § E 2 - > BB AP * 00 R]
iorE o x 5 LehE &4 - 2016 & > Consumer News and Business Channel
(CNBC) #- Dataminr 3% 5 23f 50 REAE B R AF A FIFD P2 - o o F

e TR AR A 37 -

(=) A &BIPRIZ

Dataminr &7 Al T 27 2 g i | 0| B84 < hE BB Ah b T *ens

B g ESRINFDE L TR I BER L T ERE RN R

2 http://bit.ly/2ubTaAG
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AL v e JR e S o B R A TAA LA L 3 4 > Dataminr K-is
SWAGERZFEER EREFTEEE 203 (TR o o Dataminr &

Bl BARKAR L Fryr T L Bcdp i L e R @ AT AR o
EEREFRZZPFRIEITTR SR FAFRG LA R R
E¥ L 1

Vo HR B

P A AT BATR AR SR R T b E S QAN AT iR e E

| & 4cdf o Dataminr £ 5 S AL A Bcdp o R B EF Y

3 Dataminr § pFif icdp b B4F > A { H 2 g IIATER G T RS B E AL

1 F s BB E

# 3-7 Dataminr & § A%
P EY R

2011.07 Afmpy 1105 2 ~

2012.09 B 1650 § £ ~

2013.06 CHipe3 3390 § %2 ~

2015.05 D#py 1% 30005 %2~

2018.06 E#mps 329160 F 2 ~
7B & & : Crunchbase® - Wikipedia®

(=) PEE*3 3

Dataminr Z = 3 & F &~ XX 2~ 2L WP AR e L M R T <

v‘z

FRZATDERE BRI BEL R AR FFHF EE Tl

-
¥
T
oy
A
>~
P
B
il

et~ F R ik~ R o4 % o Dataminr cho & 36
&

DRSS RS Al R

2 http://bit.ly/2RPeSDx
30 http://bit.ly/2RPX2k0
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() Al &* & &

Dataminr & &t 2 S #ch > ¢ 465 % 538 5 RiEf> o ¥ A RFIFE
el ONN 2 i@ % S BF Y degnls b & = Bibip MATR - 3% 2 7RI
TREE AR EEF 2 DHIP AR ARMG TR R 2
FAFRFRERE > 7R ¥ Dataminr ch¥ ST P B D SHT 2

NFE R e

B pg@ g 0§28y > ¥ 58 Dataminr  { % B Hh

3y

B T R M { S H R ARy MRELE e B
L e KA gRLF TR Kok o blder - FRFAHT B f-

FAE DI ARF AN X ARF PN N A 90 4 48> Dataminr i &7
BUEHE A T B o B AP BB RN P AF B R XA DG m
Dataminr % ) &4 @ £ @ 5 R A7 e F2 w il F e 4o e 2017 &
11 7 29 p > Dataminr $% = 4 D385 B pprid b h § & 2018 & ¥ -
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